The interplay between tax policy and entrepreneurial activity has been a popular topic of political discourse, especially among state-level policymakers, with the promotion of small business start-ups and success being a key policy goal. The effect of state policy on entrepreneurship has also been the focus in the most recent empirical economics literature. We expand upon that literature in several important ways. First, while most of the recent studies have relied upon conventional fixed effects regression models, we argue that such an approach misses the inherent trends in both tax policies and small business outcomes within states over time. We explore dynamic specifications to capture those trends. Second, while most of the prior research has focused on extensive-margin indicators of small business activity (e.g., self-employment rates or counts of small businesses), we consider a number of intensive-margin measures of state nonfarm proprietors' success. This is based on our assumption that entrepreneurial sustainability and performance following the initial start-up are more important from a policy perspective than simple counts of small businesses. Our paper is the first to use nonfarm proprietors' income as a direct measure of entrepreneurial success at the state level. We investigate several measures of small business performance derived from nonfarm proprietors' income and employment data, including a measure of productivity (i.e. nonfarm proprietors' income per employed person). Third, we extend the earlier research by including a longer panel of state data. Despite these innovations, our empirical results echo the recent studies in this area and suggest that most of the highly-visible state tax policies do not have statistically significant impacts on entrepreneurial performance.
Introduction
Entrepreneurship has been a primary driving force behind employment creation, innovation, and economic growth. Innovative entrepreneurial activities not only generate income for successful firms and individuals, but can also create positive spillovers to state and local economies. State governments have a long history of using tax policy to promote entrepreneurship as part of a broader economic development mission. Until recently, most of these attempts have focused on cutting business taxes, such as the state corporate tax, in order to boost economic growth and job creation. Over the past several years, however, a growing number of elected officials and business organizations have called for cuts in state personal income taxes to benefit entrepreneurs who earn pass-through income (Mazerov, 2013) . Recent tax policy debates in Kansas, Nebraska and Louisiana have touted a shift in tax policy away from income taxes and toward sales taxes, hoping such reforms would bring businesses and jobs to their states and lower the compliance costs associated with income taxes. The critical question that remains unanswered is whether such policy changes would give rise to the desired behavioral responses.
Since entrepreneurship has such important effects on the economy, it is important to understand the influence of public policies such as personal and corporate income taxation on entrepreneurial activity. Estimated parameters can be used to guide policy design if a non-zero effect can be determined. If the empirical evidence indicates that taxes have small or inconsequential effects on small businesses, then using tax policy to promote entrepreneurial activity would be unproductive.
The impact of taxes on business activity has received considerable attention in the literature, but virtually all of the prior studies have focused on extensive-margin measures such as business locations, the number of small firm births, or variants of self-employment rates. Bartik (1985) , for example, found that a ten percent increase in a state's corporate income or property tax rate caused a one to three percent decline in the number of new plants. Wasylenko (1997) provided a review of the literature and concluded that taxes had statistically significant but quantitatively small effects on interregional location behavior with larger impacts at the intraregional level.
Although these studies shed some light on the interaction between state tax policies and business decisions, they may be less relevant to entrepreneurial activity. First, if smaller businesses are less mobile than larger firms (e.g. because of family ties or business linkages to local markets), they are perhaps less likely to respond to state differences in tax policies. Further, most states 1 have focused their tax incentive programs on larger manufacturing and headquarters firms rather than small businesses and entrepreneurs (Bruce and Deskins, 2012) .
Only a few studies have used state-level time series or panel data to investigate the impact of policy on small businesses, but most have found that state-level tax policies have significant effects on a variety of measures of entrepreneurial activity. Bartik (1989) investigated detailed tax information and showed that higher property taxes, corporate taxes, and sales taxes on equipment negatively impacted small business start-ups. On the other hand, Carlton (1979) found no strong evidence that local taxes influenced the number of firm births. Georgellis and Wall (2002) used panel regression to examine the various determinants of state-level entrepreneurship.
They found that bankruptcy exemptions, corporate tax rates, and the level of the minimum wage all affected a state's rate of entrepreneurship. Further, they found that the maximum marginal tax rate exerted a U-shaped effect on the number of nonfarm sole proprietors as a share of the working-age population. Bruce and Deskins (2012) used a 50-state panel from 1989 through 2002 and found that higher top individual income tax rates, higher sales tax rates and the existence of a state-level estate, inheritance, or gift tax all tended to slightly reduce a state's share of the national entrepreneurial stock as measured by the share of individuals reporting Schedule C income.
These papers all provide important insights into the interaction between tax policies and entrepreneurship, and they present two important avenues for extension and potential improvement. First, most of the recent empirical research in this area has relied upon traditional fixed effects panel regression models. When considering entrepreneurial outcomes, it is important to account for the fact that outcomes in the previous periods could inherently affect outcomes in the current time period. This inertia in entrepreneurial activity, which we document in this paper, may result from such things as incomplete labor mobility (or other labor-market friction) or clientele loyalty. In panel data settings, it is important to control for entrepreneurial performance in previous periods because small firms who are successful today are more likely to be successful in the future. State-level observations are thus potentially correlated over time.
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The consideration of the previous outcome as an explanatory variable raises the possibility of an endogeneity problem in a traditional panel regression. Fortunately, dynamic panel estimators are available to address this issue. We explore two different dynamic panel estimators proposed by Arellano and Bond (1991) and Arellano and Bover (1995) . These are consistent and efficient estimators because instruments for endogenous explanatory variables are generated from variables already specified within the model. These specifications eliminate any unobservable time-invariant state effects and temporal effects that may systematically affect small businesses.
Second, most of the prior studies have focused on extensive-margin measures of entrepreneurial activity, such as self-employment rates, counts of federal income tax returns with a Schedule C for small business income, or counts of small firms or establishments. One potential shortcoming of these measures is traditional measurement error. Specifically, many selfemployed individuals or Schedule C filers are not truly entrepreneurial, and many entrepreneurs do not classify themselves as self-employed or file a Schedule C (Bruce and Deskins, 2012) .
Moreover, the birth of a new firm or establishment does not necessarily signify an increase in entrepreneurial activity. These measures also do not capture potentially more important aspects of entrepreneurial performance, such as firm sustainability and growth. As is well known, small businesses start and fail at significantly high rates. An estimated 650,000 new employer-owned businesses were started and 565,000 went out of business in 2006 (Conte et al., 2012 . Similar small-firm birth and death rates are observed each year.
The birth of a new small business is important, but state policy makers are probably more concerned with enduring small and innovative firms that create a steady stream of jobs and generate economic spillovers over a longer period of time. Indeed, entrepreneurial performance on the intensive margin may be more relevant to state policy than extensive-margin counts of entrepreneurs or small businesses, especially given the relative short life-span of new small firms. Kane (2010) shows, unsurprisingly, that small business survivors usually create more net jobs than start-ups.
To our knowledge, little research has been undertaken on the impact of taxes on levels of entrepreneurial income or entrepreneurial performance. We attempt to extend the prior literature 3 by considering several alternative measures of entrepreneurial performance derived from reported nonfarm proprietors' income (NFPI) at the state level. 2 We also consider indicators of nonfarm proprietors' employment (NFPE) in an effort to compare our results to the prior literature. Finally, we are the first in this literature to consider entrepreneurial productivity, which we measure by dividing NFPI by NFPE.
In addition to these two main contributions, we expand the set of tax policy variables in our model and also extend the time period under investigation. Specifically, we start with the specification used by Bruce and Deskins (2012) The nonfarm productivity series in Panel 2 appears to move more closely with NFPI, but with greater apparent volatility over time. In all cases, the underlying trends are clearly observable in the national data.
We choose the Arellano-Bond (AB) (1991) estimator as our baseline functional form in order to account for these underlying trends in the data. The main specification takes on the following form:
where , is the nonfarm proprietors' outcome of interest in state at time and , − is the k th lag of that outcome. The vector , includes measures of the state policy environment, while the vector , includes several characteristics of the state economic and demographic environment.
The parameter is a state-level fixed effect, is a year fixed effect, and , is a well-behaved error term.
Inclusion of the first and second lags of the dependent variable ( , −1 and , −2 ) causes endogeneity issues for the within estimator used by a traditional fixed effect specification, as these terms introduce correlations with , the state fixed effect. The usual approach to solving this problem is through instrumental variables (IV), which is also the approach within the AB estimator. The important element of AB estimation is that it does not require instruments from some external source. The model is transformed into first differences, thereby eliminating the state-specific effects from the model. The AB estimator then instruments for the lag of the dependent variable in the first difference model with other lagged values of the dependent variable or other variables already specified within the model to obtain consistent estimates.
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We also present results from the Arellano-Bover/Blundell-Bond (ABBB) Bond, 1995, and Blundell and Bond, 1998) approach as a robustness check. When the autoregressive process is too persistent, the ABBB estimator performs better. It is similar to the AB estimator except that it imposes additional restrictions on which lagged differences of the dependent variable are used. The results show that the ABBB estimation provides similar evidence regarding the statistical significance of our variables of interest.
Entrepreneurship measures
We measure entrepreneurial performance by relying on published state-level data on nonfarm
proprietors' income and employment. Following many of the recent studies, we experiment with several different measures in order to provide a broader picture of the impact of tax policies on entrepreneurial performance broadly defined. First, based on data from the Bureau of Economic Analysis (BEA), we consider nonfarm proprietors' employment (NFPE) in a state as a share of total nonfarm employment in that state. This is closest in spirit to the self-employment rates and similar measures that have figured prominently in the prior literature. 3 In an effort to consider both the level and location of entrepreneurial activity, we also consider state NFPE as a share of national NFPE. The first measure is intended to capture the within-state variations of employment, while the latter is better able to account for across-state variation. Both provide an opportunity to compare our results to those in the most recent empirical studies, which is important in assessing the importance of our methodological contributions in this paper.
Next, we consider nonfarm proprietors' income, both in per capita terms and as a share of total state personal income. National estimates of the income of nonfarm sole proprietorships and partnerships are based on tabulations of Internal Revenue Service (IRS) tax returns: net profit or loss reported on Schedule C of Form 1040 for sole proprietorships, ordinary business income from Form 1065 for partnerships, and net rental real estate income from Schedule K of Form 1065. Because these data do not always reflect the income earned from current production and because they are incomplete, the estimates also include several major adjustments (Bureau of Economic Analysis, 2009). As with our employment measures, we also examine state NFPI as a share of national NFPI in order to assess locational effects. We are not aware of any prior study that has examined state-level nonfarm proprietors' income in an empirical test of the importance of state-level tax policies and other factors for entrepreneurial success. We push this contribution a step further by also examining nonfarm proprietors' productivity, or NFPI divided by NFPE.
This provides a measure of income per employee that more accurately captures the entrepreneurial success that policymakers are presumably primarily interested in supporting.
These measures reflect very different but perhaps equally important and complementary aspects of entrepreneurial performance. Table 2 presents similar data for nonfarm proprietors' employment and productivity. An interesting fact from Columns 1 and 2 is that NFPE has grown as a share of total state employment in all states during our period of analysis. The NFPE shares of total state employment generally ranged from nine to seventeen percent in 1979, but ranged from 16 to 24 percent in 2009. While some of this growth may have been recession-related (e.g., if some displaced workers became nonfarm proprietors), the longer-term national trend has been positive as shown in Figure 1 above. State-specific shares of the national NFPE, shown in Columns 3 and 4 of Table 2 , have been relatively stable over time. Alongside the more volatile income shares in Table 1 , this suggests-unsurprisingly-that the most mobile entrepreneurs may have been the highest-income ones. Columns 5 and 6 of Table 2 reveal an interesting downward trend in nonfarm proprietors' productivity over time in all states. This is driven primarily by the surge in NFPE alongside relatively stagnant NFPI, especially during the latter part of our time period.
Further, the large drop between the two endpoints masks substantial volatility in both directions between those two years, as reflected in the national data in Figure 1 .
Data description and explanatory variables
Our primary focus is on the influence of state tax policy variables, which can affect entrepreneurial performance by affecting the absolute profitability of entrepreneurial ventures as well as the relative profitability compared to wage employment or corporate status. Following
Bruce and Deskins (2012), we include the state sales tax rate, the top marginal state personal income tax (PIT) rate, and the top marginal state corporate income tax (CIT) rate. We discuss each of these in turn before describing our other control variables.
It is well known that the sales tax distorts business purchases (Viard, 2010) , including distortions in business location, capital-labor ratios, and taxable purchase decisions. As sales tax bases have eroded in recent years, states have responded by raising sales tax rates (Bruce and Fox, 2000) . The extent to which this impacts small business performance depends on the ability to pass the sales tax burden forward to consumers as well as the competitiveness of final goods markets. For example, if the sales tax on office equipment used in production is passed forward to consumers through higher prices on final goods, which are then taxed again at the point of sale, small business performance can suffer if the final good market is highly competitive. In lesscompetitive final goods markets where demands might also be less elastic, the ability to shift the sales tax burden forward to consumers is greater and sales tax rates have less of an impact on small business performance. While Bruce and Deskins (2012) found no impact of sales tax rates on self-employment rates, Bartik (1989) found a negative effect on start-ups.
Personal income taxes (PIT) can also affect entrepreneurial activity in various ways, as documented in the prior literature. Theory suggests two conflicting effects with a reduction in the 8 marginal tax rate (Rosen et al., 2000) . With a lower PIT rate, there is an increased reward for effort devoted to the enterprise. One would assume proprietors would increase their effort under such circumstances. At the same time, however, the old level of effort translates into greater after-tax profits. The proprietors may be tempted to increase their utility by decreasing their work hours and consuming more leisure. The net effect is ambiguous. Besides the traditional income and substitution effects, when considering the effects of the policy environment on entrepreneurship, the general consensus is that higher tax rates could also insure against risk if rates are progressive and loss offset provisions are available (Domar and Musgrave, 1944) .
Further, when the PIT rate increases, there is an effect on the extensive margin when more people switch from wage and salary jobs to self-employment to avoid or evade high tax payments.
There is also an effect on the intensive margin. Small businesses have greater opportunities to under-or over-report their income in response to changes in PIT rates. 4 While several studies have found a positive relationship between personal income tax rates and aggregate rates of entrepreneurship (e.g., Long, 1982; Evans and Leighton, 1989; Blau, 1987; Parker, 1996; Bruce and Mohsin, 2006) , most have used static models. More recent surveys have concluded that tax policy has fundamentally ambiguous theoretical effects on entrepreneurial activity (Bruce and Mohsin, 2006) . The various possible opposing effects may have contributed as well to the lack of an empirical consensus regarding the effect of PIT rates on entrepreneurial activity (GurleyCalvez and Bruce, 2013) .
The effect of the corporate income tax (CIT) rate on investment and entrepreneurship is one of the central questions in public finance. The CIT rate can affect the organizational form of small businesses (Luna and Murray, 2010) . If CIT rates are lower than PIT rates, the tax system provides a net subsidy to risk-taking (Cullen and Gordon, 2006) . This net subsidy arises because an entrepreneur facing losses would prefer to face PIT rates so that the deduction of the losses against other income would have greater tax-reducing value. If CIT rates are higher than PIT rates, new businesses might choose to organize as unincorporated sole proprietorships to reduce taxes (Gordon and Slemrod, 2000) . At the same time, high CIT rates could indicate that a state prefers to shift relatively more of its tax burden onto businesses (Bruce and Deskins, 2012) , which can discourage small business activity. As with the PIT rate, the net impact of the CIT rate on entrepreneurial performance is fundamentally ambiguous.
Like Bruce and Deskins (2012) , we include a variety of other features of state tax portfolios in our empirical models. First, we include the sales factor weight in each state's CIT apportionment formula (used to apportion multi-state firms' income among the states in which they have a taxable presence). States traditionally used a three-factor formula with equal weight on sales, payroll, and property, but many states have opted to increase the weight on sales in order to reduce the tax burden on in-state factors of production (Luna and Murray, 2010). Thus, higher sales factor weights might be associated with more entrepreneurial activity within a state's borders (Bruce and Deskins, 2012) .
We also account for the presence of tax amnesty programs, which are limited-time opportunities for taxpayers to pay overdue taxes in exchange for forgiveness of tax penalties. The
Internal Revenue Service has identified small businesses and sole proprietorships as the largest contributor to the tax gap (Black, et al., 2012) . By providing amnesty, the state gives small businesses (as well as other taxpayers, depending on the amnesty regime) a convenient option if they have fallen behind or cheated on prior tax responsibilities. However, the possibility of a future amnesty may offer small businesses incentives for greater current tax evasion.
We include a measure of per capita state government spending as a proxy for the overall level of public services. Theory suggests that government expenditures have direct and indirect effects on small businesses. The expenditure may be delivered as a direct subsidy to local entrepreneurial activity, or it could provide indirect benefits in the form of more complete infrastructure or better education, both of which may improve opportunities for entrepreneurial success. 5 Total expenditures can also proxy for the overall tax burden in a state, which can be a deterrent to small business performance as discussed above.
Non-tax explanatory variables include the following measures of the state economic environment: the unemployment rate, the rate of nonfarm job growth, and the share of gross state product (GSP) in the agricultural and manufacturing sectors. These variables can be interpreted in many ways. For example, the unemployment rate can be interpreted as a measure of the health of a state's economy, and also can be interpreted as an indicator of the number of people with limited opportunities for wage-and-salary employment who might be pushed into selfemployment (Georgellis and Wall, 2002; Parker, 1996) .
We also include the following state demographic variables: population density, the percent of the population older than age 64, the property crime rate, and the female percentage of total population. Higher population density indicates more abundant small business clientele or more competitive markets. Most studies of self-employment and entrepreneurship indicate that the selfemployed are significantly older than the wage-employed (Shane, 1996) . Other research has suggested that those in or near retirement are more likely to become entrepreneurs (Cahill, Giandrea, and Quinn, 2013) . Older people might be familiar with the industry and have more experience, or they may have more available sources of funding than other age groups to start the business. In addition, time in the labor force allows a person to develop a personal reputation and good will. This reputation is important to draw clientele from among the customers of previous employers, which is an important source of customers for new businesses (Aronson, 1991) .
Names, definitions, and means are provided for all variables for 1978 and 2009 in Table 3 .
Tax trends worth highlighting include the growth in sales and top CIT tax rates alongside a decline in the average top PIT rate, and the large increase in the sales factor weight in CIT apportionment formulas. For the non-tax variables, we observe a recession-related increase in the average unemployment rate, the aging of the population, and the decline in the agricultural and manufacturing shares of GSP.
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Results and Discussion
Effects of state tax rates and rules on entrepreneurship
Arellano-Bond regressions of state entrepreneurial outcomes on statutory tax rates, other indicators of state tax policies, and the full set of non-tax controls are provided in Table 4 ; these are our baseline specifications for discussion. Arellano-Bover/Blundell-Bond results are presented in Table 5 for comparison purposes. Following a discussion of the dynamic panel results, we then provide a step-by-step comparison to earlier results from the literature that have been derived from traditional fixed effects models. Due to the underlying trends in the data and semi-durability of entrepreneurial performance, the dynamic specifications in Tables 4 and 5 more accurately capture the underlying data generating process by allowing for lags of the dependent variables to be considered as explanatory variables within the model. Two lags of the dependent variables were necessary in order to remove higher-order serial correlation; test statistics for second-order autocorrelation and higher failed to reject the null hypothesis that there is no serial correlation in the error terms.
To summarize the AB results in Table 4 , we find that state tax policies generally have no statistically significant effects on any of our measures of entrepreneurial performance. There are some differences between our AB results in Table 4 and our ABBB results in Table 5 , however.
Specifically, in Table 5 , we find that higher sales tax rates and lower top CIT rates are positively associated with entrepreneurial productivity (Column 6) and higher top PIT rates negatively affect state shares of national NFPE (Column 5). These significant results are isolated, however, and not robust to alternative specifications.
The results also show that capturing the long-run trends in entrepreneurial outcomes is important for correct inference into the effects of state tax policies, as the lags of the dependent variables are always statistically significant predictors. While our main tax rate results echo those of Bruce and Deskins (2012), they are not consistent with other results in the prior literature.
This could be based on our intensive-margin focus on entrepreneurial performance, or it could also be driven by our use of a dynamic specification. We return to this discussion below.
Our results reveal very few tax policy options for fostering greater entrepreneurial success.
Consistent with Bruce and Deskins (2012) , we find that states with higher sales factor weights in the CIT apportionment formula tend to have slightly lower NFPI per capita (Column 1), and consequently lower entrepreneurial productivity (Column 6). These negative effects, along with the statistically insignificant effects of the sales factor weight in other specifications, reveals the general notion that higher sales factor weights are generally intended to favor larger in-state businesses. Similar results are not found, however, in the ABBB models in Table 5 . Another potentially-important policy variable is the state government expenditures per capita, which has a significant and positive impact on entrepreneurial productivity (Column 6 of Table 4 ). This
suggests that that such things as infrastructure, schools, and public safety can be more important contributors to entrepreneurial success than tax cuts. This result does not hold up in the ABBB results in Table 5 , however, where expenditures are actually found to have no effect on productivity (Column 6) and a slightly negative effect on NFPE as a share of total employment (Column 4). We look forward to exploring the differential impact of various specific categories of spending in future research.
Looking briefly at the results in Columns 3 and 5 of Table 4 , we find that state policies also do not appear to have significant impacts on the location of entrepreneurial activity as measured by state shares of national NFPI or NFPE. The only exception to this is seen in Column 5 of 
Effects of economic and demographic variables on entrepreneurship
Consistent with Georgellis and Wall (2006) and Bruce and Deskins (2012) , we find that a higher unemployment rate is associated with more entrepreneurial income and employment as a share of a state's total income and employment. The result is not surprising, since more unemployment might signal the loss of non-entrepreneurial income or labor in the denominator of these state shares. It might also be driven by shifts from wage jobs into the entrepreneurial 13 sector. Interestingly, as revealed by the relative magnitudes of the unemployment rate coefficients in Columns 2 and 4 and the significant negative impact of the unemployment rate on entrepreneurial productivity in Column 6, the effect on NFPE exceeds that on NFPI. One possible explanation is that a higher unemployment rate might drive new less-productive labor to the entrepreneurial sector.
States with older populations (i.e., with more residents over age 64) tend to have lower NFPE as a share of total employment (Column 4), but also higher entrepreneurial productivity (Column 6). These results, which are not supported in Table 5 , run counter to most studies of selfemployment and entrepreneurship, which indicate that the self-employed are significantly older than the wage employed (e.g., Shane, 1996) . Nonfarm job growth is unsurprisingly associated with more NFPI per capita, higher state shares of national NFPI, and more NFPE as a share of total employment. At the same time, stronger job growth means lower entrepreneurial productivity. We also find that states with higher property crime rates tend to have lower NFPI per capita. Higher population density is positively associated with the NFPE share of total state employment.
State industrial structure is also an important determinant of state entrepreneurial activity in the expected direction. Specifically, we find that states with more dependence on manufacturing (as measured by the share of GSP) tend to have lower NFPI per capita and as a share of total state income, and also NFPE as a share of total employment. We suspect that this is driven by the availability of more and better jobs in manufacturing, which might keep some potential entrepreneurs from starting new businesses. Finally, we also find that states with larger shares of their GSP in the agriculture sector tend to have lower NFPI as a share of total income, as expected.
A note on the importance of dynamic estimation
Comparing our results to those in the prior literature is difficult because we have made more than one major departure from earlier empirical studies. We have relied on dynamic panel We begin by showing the Bruce and Deskins (2012) results in Column 1 of Table 6 . In
Column 2, we provide our AB results from Column 4 of Table 4 . The use of a common dependent variable for this exercise reduces the number of differences between these two columns to our use of (1) dynamic estimation, (2) more control variables, and (3) more years. In
Column 3 of Table 6 , we remove all three of these changes in an attempt to simply replicate the Bruce and Deskins (2012) results. Our results are indeed very similar, with any noticeable differences being attributed to revisions to the data being used.
In Columns 4 through 6, we make one change at a time in order to determine the effects of each improvement over the prior work. Starting with Column 4, we see that simply adding new control variables generates statistical significance that was not present in the replication in Column 3. A similar result emerges in Column 5 when we use the Bruce and Deskins specification but add more years of data. If we had just updated their study with new data and more years, we would have gotten significant results on some of the tax variables.
Our use of a dynamic estimation strategy is not solely responsible for the loss of statistical significance, however, as significance patterns are also affected when we use the Bruce and to the prior literature, these results suggest that tax policy may have more meaningful impacts on the extensive (i.e., participation) margin rather than intensive (i.e., success) margin. These results are important in the design of state tax policy, especially in light of the recent debate over eliminating the personal income tax-either in total or on pass-through income-in some states.
Unless participation alone is an important and desired outcome, there is no meaningful role for tax policy.
While the results indicate that tax policies are probably not the best choice for state governments interested in engineering improvements in entrepreneurial outcomes, a few non-tax policy instruments emerge as possible candidates. For example, states can and should work to reduce property crime rates, as lower crime translates into better entrepreneurial success in our models. In general it would appear that a stronger business climate is an important ingredient to the success of small businesses. States should also continue to work to improve overall economic growth as our results show that lower unemployment rates and higher rates of employment growth are strongly associated with better entrepreneurial success. A strong economy helps drive entrepreneurial success. Note: *, **, *** Indicate statistical significance at the 10%, 5%, and 1% levels respectively.
